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Estimation of Porosity with Seismic Data and Artificial Neural Network
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Abstract

Porosity is one of the important parameters in the reservoir engineering, which enables experts for developing
oil and gas fields. The use of core samples and well logging are the common methods, however the results of
these methods only represent the properties of the reservoir in the well or well placement, by combining seismic
and log data, it is possible to estimate the reservoir properties for far distances of the wells. In this paper
petrophysical parameters of the reservoir are estimated by statistical methods, appropriate algorithms and
artificial neural networks method. In this study it was attempted to construct a model of geological and
petrophysical characteristics with the aim of estimating porosity and determining the quality of reservoir in the
Ghar formation of the Hanijan field as the selected field. The results are illustrating reservoir quality with an

average porosity of 18% is from moderate to high.
Keywords: Porosity, Seismic Attribute, Log Data, Artificial Neural Network.
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